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ABSTRACT

This paper is about declipping that restores the
original sound from a clipped audio signal, and for
this purpose, we propose a new method based on a
deep neural network. This technique first detects
clipping frames based on the number of clipped
audio samples. Then, the network is trained using
the magnitude spectra of the clipping frame and the

original sound frame as input and output of the deep

neural network. Through the experiment comparing
the RMSE and LSD between the original sound and
the reconstructed signal in the speech database, the
proposed method showed that the performance was

improved compared to the existing method.
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Table 2. LSD comparison before and after processing
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